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Commercial reef fish (vertical line) effort from VMS

A common approaches to identifying effort involves

marking pings as either ‘fishing’ or ‘not fishing’ whenever an onboard (a)
observer has recorded, respectively, that gears were or were

not deployed at that moment in time. A

This point-labelling method works well with long-set fisheries such as A . "':“}
pelagic longline or otter trawl where multiple pings are usually transmitted Fr i__ O

during each set.

However, for short-set fisheries such as bandit reel, point labelling
can reduce classifier performance because vessels are usually
engaged in ‘fishing behaviour’ for a period before and after the
gear is deployed.

Hence, much more complicated fishing behavior to identify effort

Table 2. Ranked importance of predictor variables in constructing each forest

Point-labelled random forest Window4abelled random forest

Features Mean decrease in Gini index Features Mean decrease in Gini index
Hour of day* 2013 Welocity mean® 3381

Velocity mean® 1899 Hour of day* 3282

Depth* 1746 Depth® 3031

Velocity prior 1534 Leg distance prior* 2487

Leg distance prior 1450 Velocity prior* 2442

Velocity post 1346 Velocity post 1964

Turn angle 1052 Turn angle ez

Heading w7 Heading 989

Variables thar contributed significandy to each forest are indicated with an astersk.
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) » ) . . Figure 5. (2 and b} Extent and intensity maps of US Gulf of Mexico bandit-reel fishing produced by training a random farest classifier to
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The simple shrimp algorithm
that uses the point labeling
method works great for shrimp
but would not work well for reef
fish (bandit gear)

Hence, as we have better
methods, we did not apply the
shrimp algorithms




vve do evaluate VivVio daia 1rom one rock snrimp
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2011.01.01 00:36
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The basic VMS data is very similar to
the eLB data

The downloaded VMS data we
tested was at 1 hour resolution

We did not run it through the elLB
algorithm but it would be rather
simple to do so if we had 10 minute
resolution
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Note altered spatial
location (e.g. we do not
have any shrimp fishing
in Liberia, but we've
scrambled it to avoid
confidentiality concerns).

The key here is that we
can used the inferred
speed to identify trawling
vs steaming
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VMS through OCIO

Satellite/Cellular .

Receiver

Data transferred between
QOCIO and SEFSC utilizing

encryted communications
between data end point

Reimbursement available
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VMS through GSFMC

Data transferred between GSMFC
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communications between data
end points
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Conclusions

It will be straightforward to use VMS data (provided it is collected at 10
minute intervals) to run through the shrimp eLB algorithm to estimate

effort

Also possible to link to trip ticket landings, in same manner as the eLB
program
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Conclusions

Beg/borrow/purchase 5 cellular/sat VMS units
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